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Abstract—Coding agents now complete development tasks in
real software projects and submit the results as pull requests.
A pull request shows the outcome of an agent’s execution but
not the process behind it, such as which files the agent read,
which commands it ran, or how many tokens it consumed. This is
recorded only in the agent’s log, and no existing dataset provides
such logs of real-world use, including failed agent executions,
across a wide range of repositories. We introduce AgentLogs, a
large-scale dataset of activity on GitHub’s cloud agent platform
on public repositories, collected without requiring opt-in from
developers. AgentLogs comprises 363,624 tasks and 635,886
sessions, each session an execution of the agent, in 40,565 popular
public repositories, with 75,631,136 log entries that record each
session step by step, including prompts, intermediate reasoning,
tool calls (e.g., file edits, git operations, and GitHub interactions),
and token usage, together with the linked pull requests, timelines,
workflow runs, and users. Sessions are included regardless of
their outcome. AgentLogs enables research on agent behavior
and failure modes, efficiency and cost, task formulation, human-
agent collaboration, and repository adoption. A demonstration
video can be found at: https://youtu.be/ZnFpjuK9Azg

Index Terms—Coding agents, GitHub Copilot, cloud agents,
agent logs, mining software repositories, dataset

I. INTRODUCTION

Coding agents are now deployed on real software projects,
where they complete development tasks and submit the results
as pull requests [1]. A developer assigns an issue or writes a
short request, and the agent proceeds autonomously until it
opens or updates a pull request. Each session, one execution
of the agent, produces two records. The pull request holds the
result: a diff, a description, and any discussion that follows.
It does not show which files the agent read before editing,
which commands it executed, whether it ran the tests and
how it responded when they failed, or how many tokens it
consumed before completing or abandoning the task. All of
this is recorded only in the agent’s log. Questions such as why
a session resulted in a closed pull request, or what a merged
one cost, must therefore be answered from the log rather than
from the pull request [2].

Existing datasets do not provide logs of agents in real-world
use. AlDev collects the pull requests that agents open on public
GitHub repositories, together with reviews and comments, but
not the logs that produced them [1]. TraceLab collects logs
of developers’ local coding agents but removes prompts, tool
inputs, and agent output before release [3]. Logs of agent
executions on benchmarks [4]-[7] are complete, but they are
recorded on repositories and tasks chosen and executed by
the benchmark authors rather than on tasks that developers

assigned to an agent. SWE-chat [8] is closest to our work,
as it records full logs from developers’ coding agent use, but
it requires developers to install a logging tool and commit
its checkpoints, which limits coverage to a few hundred
repositories and biases the sample toward successful outcomes.

AgentLogs provides such logs at scale. A developer gives
a cloud agent on GitHub’s cloud agent platform a task by
assigning an issue, mentioning the agent in a pull request
comment, or writing a prompt. The platform runs the Copilot
cloud agent and third-party agents such as Claude and Codex,
although nearly all collected sessions are the Copilot cloud
agent (Section V-D). Each session is one execution of the
agent on that task, in a fresh sandbox (Section II). On public
repositories, the platform exposes every task, session, and
log on the Agents tab, which allowed us to collect them
without requiring any opt-in from developers. The dataset
comprises 363,624 tasks and 635,886 sessions on 40,565
popular repositories, with 75,631,136 log entries. A session
log contains the prompt, the agent’s reasoning text, every tool
call with its arguments and result, and the token usage of each
step. The 28,487,431 tool calls cover file views and edits, shell
commands, git operations, and comments posted on GitHub.
Sessions are included regardless of outcome, including those
that ended in an error or whose pull request was never merged.
Each session is linked to its pull request and the pull request’s
timeline events, to the GitHub Actions workflow run that
executed it, and to the users involved (Table I).

With AgentLogs, a researcher can inspect any individual
session to see the developer’s request, the agent’s actions
step by step, and the resulting outcome, or aggregate over
hundreds of thousands of sessions. This supports studies of
agent behavior and failure modes, of efficiency and cost from
per-step token usage, of how developers formulate tasks and
respond to results, and of which repositories adopt GitHub’s
cloud agent platform. We expect the dataset to serve empirical
software engineering researchers who study a development
process in which agents now participate, as well as researchers
and builders of coding agents who seek to understand how
agents are used, how they operate, and where they fail.

II. GITHUB’S CLOUD AGENT PLATFORM

GitHub’s cloud agent platform runs agents asynchronously
in an ephemeral development environment, where they search
and edit files, run shell commands such as tests and git, and
use GitHub, for example, to open a pull request or reply to a


https://youtu.be/ZnFpjuK9Azg

@ Applying fix

11 Analyzing GitHub Actions logs tor

(a) Agents tab

Applying fix for review comment 3463032772

(b) Task with two sessions

0 @

<
EEE®B

8686

)

(c) Session log

Fig. 1. A Copilot cloud agent task on microsoft/vscode. Usernames and avatars are redacted. (a) The Agents tab lists recent tasks. (b) A task with two
sessions: a review-comment fix, then a request to resolve the resulting merge conflicts. (c) Part of the log of the second session.

comment.! Developers can run the Copilot cloud agent or a
third-party agent such as Claude or Codex (Section V-D).

Developers can assign a cloud agent a task, which typically
works on a single branch and a single pull request. That
assignment initiates its first session, and later requests from the
developer add further sessions on the same task (Figure 1b),
where each session is one execution of the agent in a fresh
sandbox environment. These sessions can be initiated in sev-
eral ways (Section V-A), e.g., from the Agents tab (Figure 1a),
by mentioning the agent, for example @copilot, on a pull re-
quest, or from an integration such as Slack or Jira. The log of a
session is the transcript of its execution, shown in an abridged
form in the GitHub web interface (Figure lc). AgentLogs
stores each log entry, including prompts, reasoning traces, tool
calls and arguments (Section V-C), and token usage.

III. RELATED WORK

AlDev collects pull requests that local and remote agents
such as Codex, Copilot, and Claude Code opened on public
GitHub repositories, with their comments and reviews [1].
AlDev has been used to study agents’ real-world outcomes [9]
and how developers interact with agents [10], but cannot show
how the agent worked to go from prompt to outcome. DevGPT
links ChatGPT conversations that developers shared on GitHub
and Hacker News to the artifacts they discuss [11], but these
are chats rather than agent executions with tool calls.

Benchmark datasets record that process as logs of agent
executions on fixed tasks. Some take tasks from existing
GitHub issues [4], [5], others synthesize them [6], [7]. Such
logs have been used to study how an agent works through a
known task [2], but do not reflect how developers use agents,
because the benchmark authors chose the repository and task,
and started the agent themselves.

In other studies of developers using coding agents, a
conversation is often called a session, analogous to a task
in AgentLogs. A turn or prompt in that conversation is
what we refer to as a session. TraceLab released 4,265
conversations with about 39,200 turns from 43 developers, but
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removed prompts, tool input, and agent output [3]. Microsoft
researchers characterized logs of 13.5 million conversations
with 95.1 million turns in production, but reported only ag-
gregates, without prompts, tool input, or agent output, and did
not release their logs [12]. Closest to AgentLogs is SWE-
chat, which includes logs for nearly 18,000 conversations with
more than 229,000 user prompts in 707 repositories, together
with line-level authorship of the committed code [8]. It only
covers developers who installed Entire, a local logging tool,
and committed its checkpoints.

AgentLogs records public activity on GitHub’s cloud
agent platform without additional opt-in or a committed check-
point, reducing bias toward successful sessions. Compared to
SWE-chat, it collected agent logs from 50.4x more reposi-
tories, with 20.2x more tasks than SWE-chat’s sessions and
2.8x more sessions than its user prompts.

IV. THE AGENTLOGS DATASET
A. Data collection

We collected sessions on GitHub’s cloud agent platform
on public repositories. These sessions execute on GitHub’s
infrastructure, and each task, prompt, and log is already visible
on the repository’s Agents tab. Locally run sessions and private
repositories are not collected.

The seed is SEART GitHub Search Engine (GHS) [13],
a dataset of 1,997,424 public repositories with at least 10
stars, accessed on September 28, 2026. For each repository we
listed agent tasks, including archived tasks, with the GitHub
REST API. The documented REST task omits fields such as
session trigger and workflow run, so tasks and sessions were
fetched from an undocumented endpoint of the GitHub Copilot
APIL? The GitHub Acceptable Use Policies explicitly allow
any method of obtaining publicly available data.> Session logs
come from the same Copilot API as a server-sent event stream.
More than 99.99% of events parsed as JSON; the rest were
kept as raw strings. We also collected the sessions’ workflow
runs, the pull requests of tasks and sessions with their timeline

Zhttps://api.githubcopilot.com
3https://docs.github.com/tos
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TABLE I
SUMMARY OF THE AGENTLOGS DATASET

# Records Size  Table Content
Repositories 1,861,300 462.7 MB repositories Public GitHub repositories with at least 10 stars (incl.
— 2.18% with agent tasks 40,565 name, size, language, stars, forks, labels, topics).

Agent tasks 363,624 83.7MB agent_tasks Agent assignments on a repository (incl. creator, name,
state, sessions, branches, pull requests).

Agent sessions 635,886 243.1 MB  agent_sessions Executions of an agent on a task (incl. user, triggering
event, model, prompt, usage, workflow run, pull request).

Log entries 75,631,136 63.0 GB agent_session_logs Session log events: chat-completion chunks (incl. reasoning,
tool calls, token usage) and user and tool messages.

Pull requests 317,878 4839 MB pull_requests Pull requests worked on in tasks and sessions (incl. title,
author, state, branches, change size).

Pull request timeline events 9,070,939 3274 MB pull_request_timelines  Timeline events for a pull request (incl. event type, actor,
label, commit SHA, message).

Workflow runs 554,496 833 MB workflow_runs GitHub Actions workflow runs that executed an agent
session (incl. status, conclusion, triggering user).

Users 857,428 2115 MB  users Users, organizations, and bots related to the other tables
(incl. GitHub ID, login slug, creation date).

Total 89,292,687 64.9 GB

events, and all linked users. As data minimization, user records
kept only the login, GitHub id, and account creation date, not
profile fields such as name, email, or bio.

Repositories no longer available through the REST task
endpoint, e.g., after deletion, renaming, or being made private,
are left out. Repositories with no tasks are kept. Tasks, pull
requests, workflow runs, timeline events, and users that the
API does not return are left out as well, although other tables
may still refer to them. A session whose log is not found is
kept, with no log entries.

B. Internal structure

AgentLogs is a set of Parquet tables (Table I), sharded
into chunks of ~80-120MB so each table can be downloaded
and scanned in parallel. Records store the IDs of related rows.

Repository rows are the SEART GHS seed data, with
links to their tasks. Tasks and sessions largely match the
documented REST task resource. Pull requests, workflow runs,
timeline events, and users follow their GitHub REST schema.
Log entries are a tool result, user message, or an OpenAl-
format chat-completion chunk with assistant text, reasoning,
tool calls (Section V-C), and token usage, plus fields such as
billing, warnings, and tool telemetry. The schema documenta-
tion (Section IV-C) maps each column to its source field.

C. How to access

The AgentLogs dataset is available on Hugging Face.*
The data collection pipeline, schema documentation, a data
sample (4 tasks, 4 sessions, 458 log entries), and example
notebooks that query the dataset with DuckDB, Polars, or a
low-memory typed streaming reader are available on GitHub.’
Python type definitions for every table are available as the PyPI
package risenlab-agentlogs. Code is licensed under
MIT and the dataset under CC BY 4.0. The released pipeline

“https://huggingface.co/datasets/risenlab/agentlogs
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allows re-collection, and we plan to publish updated snapshots
on a best-effort basis.

V. PRELIMINARY ANALYSIS
A. Initiating a session

Almost all sessions (99.9%) record their trigger in the
event field. Sessions can be started on a pull request, for
example by mentioning @copilot in a comment (29.5% of
sessions) or a review (12.8%), by requesting a Copilot code
review (5.6%), or by requesting fixes for review feedback
(1.6%). Developers can also enter a prompt, for example in
the GitHub web interface (15.9%), the mobile app (2.5%),
an IDE (0.6%), or the CLI (0.2%). Developers can assign
an issue (18.0%), including on a tracker outside GitHub.
Some sessions are initiated through the GitHub API, Copilot
chat, or an integration such as Slack, Teams, Sentry, or an
MCP tool (10.8%), others are triggered by a failed GitHub
Actions workflow run (1.9%), or by a security, quality, or
coverage alert (0.3%). The remaining sessions (0.1%) have
a rare trigger, such as a scheduled workflow run.

B. Sessions over time

Figure 2 shows sessions created per day, from the earliest
session on May 11, 2025, to the cutoff on September 29, 2026.
The spike is review—request sessions: from November 24
through December 8, 35,080 of 54,299 sessions have that event
type, and the type is rare outside that period. Copilot code
review remains a feature on GitHub, suggesting that GitHub
only briefly recorded review requests as cloud agent sessions.
Disregarding this spike, sessions per day rose to a peak of
about 3,000 in early April 2026 and then declined to about
840 per day by September.

C. Tool calls

One log entry can contain several tool calls. AgentLogs
contains 28,487,431 tool calls, for an average of 45.6 calls per
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Fig. 2. Agent sessions per day. Blue shows all sessions and orange shows
the share of sessions with a review-request event type.

session with a non-empty log. File operations such as view,
edit, and grep make up most of the tool calls (39.9%),
together with shell interaction (e.g. bash and read_bash;
37.4%). Also common are tool calls related to setup and
progress (14.2%), operations on GitHub such as commenting
and reading issues (3.8%), and code review and scanning
tools (2.1%). The rest include subagent delegation, planning,
memory, and browser interaction.

D. Agents and models

The workflow-run user, not the task, records which agent
ran. Of 554,496 workflow runs, 98.8% are copilot-
swe—agent, 0.8% anthropic-code-agent, and 0.2%
openai-code—agent; every other account, including
third-party agents such as Bright Security, is at most 0.1%.

Each session records the model that ran. Claude accounts
for 56.4% of sessions and GPT for 17.5%, with the most
common versions being claude-sonnet-4.6 (25.9% of
sessions), claude-sonnet-4.5 (17.4%), and gpt—-5.3—
codex (9.5%). MAI, Gemini, Kimi, Grok, and other models
each account for 0.1% of sessions or less. The model is
unrecorded for 25.3% of sessions.

VI. DISCUSSION

The preliminary analysis shows the scale and variety of the
activity in AgentLogs from May 2025 through September
2026, with sessions triggered by pull requests, issues, prompts,
integrations, and other events, and 28,487,431 tool calls span-
ning file operations, shell commands, GitHub interactions,
code review, and subagents.

However, AgentLogs has several limitations. Although
third-party agents can run on GitHub’s cloud agent platform,
nearly all sessions are the Copilot cloud agent, so comparisons
across sessions are concentrated on one agent. The model is
unrecorded for 25.3% of sessions, reducing the number of
sessions useful for comparisons that split by model.

Session context, such as a custom Markdown instruction
file, the triggering text, or a pull request comment thread,
is often not stored on the session record. Commits are not
collected, and timeline events are not tied to sessions or log
entries. Session context, commits, and timeline events often

appear in the log instead, as a prompt to the agent or as a tool
call, but may be hard to extract reliably.

Still, no other released dataset includes the prompts, reason-
ing, and tool calls of developer-initiated sessions, including
sessions that fail, across public repositories at this scale.
AgentLogs uniquely enables researchers to answer questions
about agent behavior, such as which patterns agents follow
and how those patterns differ between successful and failed
sessions, about collaboration in the GitHub ecosystem, such
as how developers initiate sessions and how triggers and
repository context relate to the agent’s execution and outputs,
and about repository adoption, such as what characterizes
the 2.18% of popular repositories that adopt the platform,
compared to those that do not.
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